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Citizen science and pathogen detection
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The American Gut is one of the largest crowd sourced, citizen science I_I OW IT WO RI(S

projects in the country. We discover new information daily to shed light
on the the connections between the human microbiome and health.
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Boow Now that you are a microbiome expert and know why the American Gut Project is important
SaLe e for discovering new information about our microbiome, we hope you'll be inspired to get

[ Host commen name. human involved. Here’s how:

DINSamplea
sl >|0SaImpIes Host subfect id  4cf164ba4c2531769cT1add4c63b17a:

Hosttaxid 5608 e ple kit in the mail. Your sample kit v contain everything you need to
. Ibd 1o not have this condiion
BioSamples > SAMEA3607968 Last travel 1 have not been outside of my county|
itude 39.7
Sample SAMEA3607968 Latitude

Livingwith No
Name ERS915117 Longitude -104.8

Release date 2017-08-05 Lung disease 1 do not have this condition

Last updated 2017-08-05 Multivitamin true
Submission title 15623 Mixed species samples from ENA SRA Nail biter true
Submission identifier GEN-ERAS24627 Non food allergies beestings faise
human gut metagenome Non food allergies drug eg penicillin faise u might be
tose Non food allergies pet dander faise

false

Vimeo from Shelley

Non food allergies poison ivyoak faise
408
Non food allergies sun faise
450
Non food allergies unspecified true

50
Other supplement frequency faise
Alcohol consumption  faise
Physical specimen location UCSOMI
Alcohol frequency Never
aueney Physical specimen remaining True
Alcohol types beercider faise
Phu 1do not have this condition
Alcohol types red wine false
Pool frequency Rarely (2 few times/montn)
Alcohol types sour beers faise
Public Tre
Alcohol types spiritshard alcohol faise
Race  Afrcan American
Alcohol types unspecified true
Required sample info status completed

Sample type Stool

Alcohol types white wine false

Allergic to | have no food allergies that i know of false
Allergic to other  false Seasonal allergies faise.

Allergic to peanuts false Sex female




Objectives:
* AGP results suggest a surprising 14% and 2% of samples

contained Salmonella and Listeria, respectively
(ftp:/ / ftp.microbio.me/ AmericanGut/ag-July-29-2016/07-taxa/notrim/)



Objectives:

* We wanted to explore the rich metadata to explain this level of
prevalence of foodborne pathogens



Objectives:

But wanted to validate/double check their results first
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Objectives:

e Decided to see how often different classification methods

agreed (1,652 samples/48,312,131 reads)



Results:
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* Methods differ — particularly in whether they classify a read.

* Important implications for identifying microbes associated
with diseases/lifestyles (e.g., 16S rfRNA and metagenome-

wide association studies)



Results: not an 1ssue of parameter settings
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Segal’s law: a person with one watch (method) always
knows what time it 1s; a person with two watches
(methods) 1s never sure.
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