Interpretable Modeling of Genotype-Phenotype Landscapes with State-of-the-Art Predictive Power

Problem N Approach: Interpretable genotype-phenotype modeling with LANTERN Inference \ Prediction: LANTERN achieves unprecedented predictive power.
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predefined parametric form
LANTERN discovers mechanisms of LaclI allostery LANTERN decomposes structural details of SARS-CoV-2 ACE2 binding LANTERN quantifies robustness and additivity
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